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ABSTRACT: The stereospecificity of D-glucarate dehy-
dratase (GlucD) is explored by QM/MM calculations.
Both the substrate binding and the chemical steps of
GlucD contribute to substrate specificity. Although the
identification of transition states remains computationally
intensive, we suggest that QM/MM computations on
ground states or intermediates can capture aspects of
specificity that cannot be obtained using docking or
molecular mechanics methods.

Understanding enzyme specificity at the atomic level is
important for enzyme function prediction and redesign of
enzymes. Substrate binding and the chemical steps are critical for
specificity if product release is not rate-limiting, and k,./Ky; is
often used to quantify the enzymatic proficiency for a given
substrate. Nowadays, computer simulations of enzyme-ligand
systems have become routine.'”® To evaluate k./Ky with
computational approaches, one needs to model both substrate
binding and chemical steps. However, most computational
studies have only focused on one of these aspects. In most cases,
the enzyme (in vitro) function prediction problem is equivalent
to studying enzyme substrate specificity, where the key is to find a
ligand with high k.,./Ky values. Therefore, combining properties
for the substrate-binding step (e.g,, binding affinity) and for the
chemical steps (e.g, activation energy) should give more
reasonable results in determining whether or not a ligand is a
substrate.

Quantum mechanical/molecular mechanical (QM/MM)
methods have been widely used to investigate enzyme
mechanisms, and computationally proposed mechanisms can
be compared with experimental data such as kinetic constants
and kinetic isotope effects.* Here we make use of QM/MM
methods to study instead the specificity of an enzyme for closely
related substrates. The enzyme in question is D-glucarate
dehydratase (GlucD), a well-studied member of the mechanis-
tically diverse enolase superfamily.””"' We have previously
studied the substrate specificity of GlucD and other acid sugar
dehydratases of the enolase superfamily (among many other
enzymes) using molecular docking methods.'>"* The concept is
that docking methods more commonly used in computer-aided
drug design can be productively used to identify potential
substrates (and eliminate implausible ones) by crudely
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estimating relative binding affinities. Many retrospective'>~'®

and prospective studies'” have demonstrated the utility of this
approach, primarily to reduce the number of substrates for
experimental testing and to identify enzymes likely to have novel
substrates. Nonetheless, it is clear that these methods have many
limitations, including well-documented challenges in estimating
relative binding affinities. Arguably the most fundamental
limitation is that molecular mechanics methods, no matter how
sophisticated the energy models, cannot model the reactive step,
or more precisely the transition states that may limit the overall
reaction rate, although a useful heuristic has been successfully
employed in which “high-energy intermediates” are docked
rather than substrates or products.'®

Empirically, we have found that metabolite docking against
GlucD and other acid sugar dehydratases of the enolase
superfamily routinely ranks the “correct” substrate (as judged
by in vitro k./Ky) among the top metabolites from large
libraries.">™"” However, as in computer-aided drug design, there
are many “false positives”. Some of these can be eliminated as
implausible based on other criteria such as lacking a required
chemical group (proton @ to a carboxylate in the case of the
enolase superfamily) or when the metabolite docks in a pose
inconsistent with catalysis. However, some false positives are
plausible and closely related to the true substrate,; for example,
we invariably find many acid sugars among the top-ranked
metabolites for acid sugar dehydratases. While predicting even
this relatively crude level of selectivity is clearly useful (e.g., likely
6 carbon diacid sugar dehydratase), more precise predictions of
details such as stereochemistry would be of course preferable.

GlucD catalyzes the dehydration of p-glucarate or L-idarate to
give S-keto-4-deoxy-p-glucarate (5-KDG), as well as the
interconversion between D-glucarate and r-idarate.””'"'*7!
The overall reaction mechanism is unambiguous,'>"" proceeding
through an enolate intermediate, as is believed to be the case for
all known members of the superfamily. In the dehydration of p-
glucarate, an active site histidine (H339) abstracts a proton from
CS to give the enediolate intermediate I1 (Scheme 1). The
protonated H339 then transfers the proton to the hydroxyl on
C4 to give the enol intermediate I2, which converts to the final
product S-KDG (Scheme 1).
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Scheme 1. Catalytic Mechanism of GlucD and the Structures
of the Three Nonsubstrates
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GlucD, like other acid sugar dehydratases in the superfamily,
has high stereospecificity. Of the 12 stereoisomers of glucarate,
dehydration activity has only been observed for glucarate and
idarate (epimers at C5),”° although other stereoisomers are
known to be substrates for other acid sugar dehydratases in the
enolase superfamily.” Our focus here is stereospecificity at the
noncatalytic positions C2 and C3 (m-allarate, D-mannarate, and
p-altrarate; Scheme 1).%°

Table 1 shows that docking-based methods do not
unambiguously identify glucarate as the “correct” substrate.

Table 1. Relative Binding Scores of the Putative Reactive
Poses of p-Glucarate and Nonsubstrates®

ligands Glide-SP  GlideXP ~ MM/GBSA®*  QM/MM*®
p-glucarate 0.0 0.0 0.0 0.0
m-allarate 0.7 -19 -3.7 6.6
D-mannarate 0.1 —24 3.5 9.9
D-altrarate 0.2 -1.7 10.7 139

“Energies are in kcal/mol. bBinding scores of the Glide-XP poses are
calculated at the MM/GBSA level using Prime, allowing relaxation of
the receptor—ligand complexes (see SI for details). “Relative QM/MM
energies of the receptor—ligand complexes.

Computational details can be found in Supporting Information
(SI). Protonation states of H339 and K207 were assigned
according to the Michaelis complex for D-glucarate, as the
reactive regions of the four ligands in Scheme 1 are identical. The
putative reactive poses of the four ligands were obtained by
superimposing these ligands to the product ligand in the crystal
structure (PDB ID: 1ECQ), with refinements using Glide.

Relative binding scores for the four ligands are shown in Table
1, using three different scoring functions: the SP and XP scoring
functions from Glide, and the molecular mechanics/implicit
solvent based MM/GBSA method, which we have used in much
of our previous work on predicting enzyme substrates (see SI for
details). p-Glucarate is only slightly more favored than the other
three ligands in the Glide-SP calculations and is not predicted to
be the best binder in the Glide-XP and MM/GBSA calculations
(Table 1). Even if the different scoring functions did generate
identical rankings (and even if these were correct), these results
alone cannot distinguish between substrates and inhibitors.

To investigate the relative energies of the transition states for
the chemical steps, the QM/MM [ONIOM (B3LYP:AMBER)]
method was used, with the QM layer as described in Scheme 2.
All the QM/MM energies reported here are relative energies at

5512

Scheme 2. QM Region in the QM/MM Calculations
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the [B3LYP/6-311+G(2d,p):AMBER] level. Although there is
experimental evidence to support the catalytic mechanism of
GlucD (as described in Scheme 1),'>"" no computational study
on this mechanism has yet been reported. QM/MM calculations
have been reported for two related enzymes in the same
superfamily as GlucD, mandelate racemase (MR),>"** and
enolase (the namesake of the superfamily).”>*® GlucD shares
more similarities with enolase in terms of the substrate-binding
mode, in which the carboxylate group of the substrate is a
bidentate ligand to the Mg** (Scheme 2).

The QM/MM calculations on the D-glucarate substrate
predict that TS2 is the rate-determining state (Figure 1), and

— D -glucarate

— m -allarate
D-mannarate

D -altrarate

Relative Energy (in kcal/mol)

Reaction Coordinates

Figure 1. Energy profiles (in kcal/mol) along the reaction coordinate for
p-glucarate (in black), m-allarate (in red), D-mannarate (in green), and
p-altrarate (in blue).

the obtained energy barrier of 15.1 kcal/mol is consistent with
the phenomenological activation energy ~15 kcal/mol (at
295.15 K, k., = 35 s~ for p-glucarate %). The barrier height
for the proton abstraction step is also significant (TS1, 12.9 kcal/
mol; Figure 1). Although no experimental results are available to
verify the rate-limiting step, it has been suggested that the proton
abstraction step is at least partially rate-limiting,">"" because all
the enzymes in the EN superfamily share this common step.

We thus examine both transition states (TS1 and TS2) in
order to study the specificity at the chemical steps. D-Glucarate is
the best substrate in terms of energies for both TS1 and TS2
(Figure 1 and Table 2). The energy difference of the transition
states between D-glucarate and the three nonsubstrates is in the
range of 2—7 kcal/mol (Table 2), which is large enough to
conclude that specificity is at least partially encoded in the
chemical steps. Comparison of the energy profiles and the
optimized geometries of the four ligands can be found in Figures
S2—S3. Because of the limitations of the QM/MM methodology,
including finite QM region and basis sets, and neglect of entropic
effects, we interpret the results in Table 2 qualitatively rather than
quantitatively.
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Table 2. Relative Energies of TS1 and TS2 for p-Glucarate and
Three Nonsubstrates

ligands AEg” AAETSII7 AErg,” AAETSZE’ qu°
D-glucarate 12.9 0.0 15.1 0.0 +0.78
m-allarate 16.1 32 17.3 22 +0.33
D-mannarate 15.5 2.6 18.3 32 +0.61
D-altrarate 193 6.4 20.2 5.1 +0.02

“B3LYP/6-311+G(2d,p):AMBER energies in kcal/mol. bAAETS
AEqg[ligand] — AEqg[p-glucarate] in kcal/mol. “ESP charges of
Michaelis complexes at B3LYP/6-311+G(2d,p): AMBER level, details
in Figure S4.

Because identifying transition states using QM/MM methods
remains computationally expensive, we also investigated whether
the quantum results on the Michaelis complexes provided
information about specificity. First, the relative energies of the
substrate complexes using QM/MM did rank D-glucarate as
optimal (Table 1). Unlike the other scoring functions shown in
Table 1, quantum methods allow electron distributions to change
in response to the atomic environment. To quantify this effect,
we computed atomic charges derived from electrostatic
potentials (ESP), Figure S4. Significant differences among the
ligands are observed for atoms involved in the chemical steps,
with the substrate GlucD showing a larger positive charge on the
proton abstracted in the first chemical step (Table 2). The trends
in the partial charges are in qualitatively accordance with the
energies of TS1 (Table 2). As the optimized geometries at the
reactive region are very similar for the four ligands, we suggest
that the energies of TS1 are mainly affected by the variations of
the overall electrostatic environment. As optimizations of the
Michaelis complexes are computationally more efficient than
optimizations of the transition state, the ESP atomic charges of
the Michaelis complex might be useful for excluding poor
substrate candidates when the computational resources are
limited. However, we cannot yet assess the generality of this
heuristic beyond this specific case.

In conclusion, docking and QM/MM calculations are
performed to study the GlucD stereospecificity at the non-
reactive regions. Our results show that GlucD specificity is likely
encoded in both the substrate binding and the chemical steps.
We emphasize that enzyme substrate specificity is a two
parameter (k,/Ky) problem, and computational studies should
investigate properties for both steps.
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Computational details; images for intermediates and TSs; ESP
charges; docking results; Cartesian coordinates and energies.
This material is available free of charge via the Internet at http://
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